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This paper discusses the process of constructing, analyzing, and visualizing an academia social network of

research communities in Taiwan. Our work can be divided into three portions. First, we use web mining
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technologies to identify on the Internet various kinds of research communities in Taiwan and then construct an
academia social network with information of researchers, academic organizations, keywords, and other relevant
academic materials that characterize these research communities. After the construction of the academia social
networks, we apply the methodology of social network analysis to calculate and evaluate some important factors
reflect some properties of the network, such as the clustering coefficient and centrality values of the various
research communities. Finally, we design a visualization system to concretely display this academia social
network to users.
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