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Feasibility of Learning, Extended

What is the Next Number?

1,4,1,5
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Feasibility of Learning, Extended

What is the Next Number?

1,4,1,5

1,4,1,5,0,-1,1,6
by yt = yt−4 − yt−2

1,4,1,5,1,6,1,7
by yt = yt−2 + Jt is evenK

1,4,1,5,2,9,3,14
by yt = yt−4 + yt−2

any number can be the next!
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Feasibility of Learning, Extended

No Free Lunch Theorem for Machine Learning
(Roughly) Without any assumptions on the learning problem on hand,

all learning algorithms perform the same.
(Wolpert, The Lack of A Priori Distinctions Between Learning Algorithms, 1996)

(CC-BY-SA 2.0 by Gaspar Torriero on Flickr)

no algorithm is best
for all learning problems
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Dependent Sampling from Multiple h

. . . . . . . .

top

bottom

h1 h2 hM

Eout(h1) Eout(h2) Eout(hM)

Ein(h1) Ein(h2) Ein(hM)

x1 x1 x1

dependent sampling: not easy to analyze with
independent BAD probabilities like coin game
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